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Abstract

We investigated how the potential distribution of Histiotus velatus is affected by the
addition of new records over decades (decade effect). Assuming that (1: hypothesis of
the effect of the decade) the addition of hew occurrence records over time increases
the potential size of the species distribution; and (2: Wallacean distance hypothesis)
over the years, the new points added are increasingly distant from the research cent-
ers. Considering the geographic knowledge gap of this species, our objective is to
report a new record of this species and estimate its potential distribution in South
America through environment niche models (ENMs). For this, we compiled records
of occurrence of species, selected from 1900 to 2015. We used 19 bioclimatic vari-
ables available in the WorldClim database to estimate the potential distribution of the
species, and we used three modeling algorithms: Maximum Entropy (MXT), Random
Forest (RDF), and Support Vector Machine. To test the Wallacean distance hypoth-
esis, we calculated the Euclidian distance from occurrences to bat research centers in
Brazil, located using a national researchers’ information dataset (“Plataforma Lattes”).
To test the hypothesis of the decade effect, we used the beta regression analysis,
taking conservative and non-conservative approaches. The results showed that the
predicted area expanded and retracted with the addition of new occurrences over
the decades, with an improvement in the accuracy of models. Most records are lo-

cated in the southeastern region of Brazil, but algorithms predicted areas in regions
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1 | INTRODUCTION

Scarce geographical data about the distribution of species are often
associated with insufficient or inefficient sampling effort throughout
time (the Wallacean shortfall; Hortal et al., 2008; Lomolino, 2004).
This gap can be minimized by prioritizing sampling in areas with low
sampling effort, but this is not always a simple task. For instance,
the Wallacean shortfall should be smaller and decrease faster for
species originally distributed near large research centers, roads, and
easily accessible sites than for those distributed in isolated areas
(Hortal et al., 2007; Lobo, 2008; Romo et al., 2006). This is aggra-
vated by the resource shortages for biodiversity inventories that
impede the scientific community to find more profitable sampling
areas (Hortal et al.,, 2008; Reddy & Davalos, 2003). Additionally,
there can be temporal biases due to historical contingencies, since
data collected in a non-systematic way can limit the reliability of
the species distribution, resulting in an incomplete description of its
niche. However, it is possible to use statistical tools to minimize this
problem and identify possible geographical and temporal knowledge
gaps in species distribution.

Ecological Niche Modeling (ENM) is a statistical procedure often
used to identify suitable sites for species occurrence (Peterson &
Soberén, 2012), providing essential data for planning biodiversity
inventories and conservation actions (Franklin, 2013). This method
creates environmental response curves from the species’ known
distribution and then estimates area suitability based on the envi-
ronmental conditions of those locations (Austin et al., 1990). As the
number of unique occurrences increases, the models’ predictions
become more precise, because ENMs’ accuracy often depends on
the amount of single information about the species geographical
distribution (Hernandez et al., 2006; Stockwell & Peterson, 2002)
and may, therefore, reduce the Wallacean shortfall. Analyzing the
increase in information through time might help to understand the
spatial and temporal bias on species’ geographic distribution (Hortal
et al., 2007). Countries in the tropics, such as Brazil, hold the great-
est biodiversity on the planet; however, the real knowledge of the
distribution of many species is skewed (Collen et al., 2008; Kier et al.,
2005; Santos et al., 2011). Due to its intense spatial variation, dif-
ficult access in some regions, the accelerated devastation of eco-
systems and the lack of resources for sampling on field (De Marco
& Vianna, 2005; Grand et al., 2007; Yang et al., 2013). That of real
knowledge with historically neglected data affects the performance
of ENMs in this task (Hortal et al., 2007).
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where there are no records. Only the conservative approach has had a positive rela-
tionship over the decades. The distance from new points does not increase over the

years of research centers.

conservation, ecological niche modeling, research center, species distribution models, species
occurrence, Wallacean Deficit

Bat species are one of the groups that still face a major Wallacean
gap in Brazil. For example, only 10% of the Brazilian territory has
been sampled over time and almost 60% of the country does not
have a single species occurrence record (Bernard et al., 2011). No
biome is considered to be well sampled, and the regions of the
Brazilian Amazon, Caatinga and Pantanal are undersampled (Bernard
et al., 2011; Bernard & Sampaio, 2008). The South and Southeast re-
gions of Brazil have a higher density of records, possibly justified by
the greater concentration of bat research centers, easy logistics of
sampled areas and less sampling effort in relation to the others (Brito
et al., 2009; Hortal et al., 2007, 2008). However, even the widely
distributed species show sample bias due to the low capture rate
(Voss & Emmons, 1996).

In addition to these problems, the methods used to sample
bat individuals may restrict the number of species captured, lead-
ing to an incomplete occurrence record (MacSwiney et al., 2008).
Aerial insectivores’ bats, such as Histiotus velatus (Chiroptera,
Vespertilionidae), are known to fly above the forest canopy (Berry
et al., 2004) and are hardly caught in mist nets, the most common
bat sampling method. This fact possibly may intensify the lack of in-
formation on the geographical distribution of this species. Although
itis aninsectivorous bat registered in natural, semi-urban, and urban
areas, well adapted to the habitat modifications (Bernardi et al.,
2009; Talamoni et al., 2014; Tavares et al., 2010), and widely dis-
tributed throughout South America (including Bolivia, Paraguay,
Argentina, Peru, and Brazil; Gardner, 2008), it was classified as data
deficient (Gonzalez & Barquez, 2016; Leibold et al., 2004) due to
the lack of recent information about its extent of occurrence, status,
and ecological requirements (e.g., Arumoogum et al., 2019; Scherrer
et al., 2019; Schoeman et al., 2015).

Solving the Wallacean gap is, therefore, an important task for
the scientific community (Hortal et al., 2015), and the use of well-
established technologies and protocols can help to increase the ef-
fectiveness of sampling efforts (Hortal et al., 2015). On the contrary,
assuming the existence of a temporal bias to understanding how col-
lection efforts have been distributed in space may improve the tar-
geting for new samplings. Considering the geographical knowledge
gap and possible sampling biases in H. velatus, our goal is to report
a new record of that species in the Goias state and estimate its po-
tential distribution in South America using ENMs. Additionally, we
investigate how this species’ potential distribution changes with the
addition of new records over the decades, which we call “decade ef-

fect.” Ultimately, we hypothesize that (1: decade effect hypothesis)
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the addition of new occurrence records over time increases the po-
tential distribution size of the species; and (2: Wallacean distance
hypothesis) over the years, the newly added points are further away

from research centers.

2 | METHODS

2.1 | Species distribution database and data
treatment

We compiled occurrence records of H. velatus available from
SpeciesLink (http://www.splink.org.br/index?lang=pt) and GBIF
(https://www.gbif.org/). We supplemented our geographical dis-
tribution database with records available in scientific articles using
the following search code in the Web of Science platform: “bat*”
OR “species list” OR “Histiotus velatus” OR “H. velatus”. We selected
only the occurrence records since 1900 because the original data
were incompatible with the range of the environmental dataset.
Furthermore, we excluded the following records: (1) undated occur-
rence records; (2) records without coordinates; and (3) outside the
Neotropical region. Therefore, to investigate the effect of new oc-
currences over the years, we split the data into eight portions: (1)
1900 to 1950; (2) 1900 to 1960; (3) 1900 to 1970; (4) 1900 to 1980;
(5) 1900 to 1990; (6) 1900 to 2000; (7) 1900 to 2010; and (8) 1900
to 2020 with the addition of the new occurrence record localized in

the city of Goiania, Brazil.

2.2 | Environmental variables and Ecological Niche
Models (ENMs)

We used 19 bioclimatic variables (resolution of 9.4 x 9.4 km) for
the entire Neotropical realm, available in the WorldClim database
(http://www.worldclim.org/). These variables are derived from
monthly temperature and precipitation values sampled throughout
1960-1990. Also, these data are often used in ecological modeling
techniques to estimate the potential distribution of species (e.g., Lee
et al., 2012; Lisén & Calvo, 2013; Sattler et al., 2007). To reduce mul-
ticollinearity in our dataset, we performed a Principal Component
Analysis (Legendre & Legendre, 2012) and used the eigenvalues as
environmental variables. Then, we selected only the axes that rep-
resent an explanation equal to or greater than 95% (De Marco and
Nébrega, 2018), using these axes as model variables.

We fit models using three algorithms: Maximum Entropy (MXT;
Phillips et al., 2004, 2017), Random Forest (RDF; Prasad et al.,
2006), and Support Vector Machine (SVM; Guo et al., 2005). RDF
and SVM algorithms require species’ absence data, but these data
were not found for H. velatus in the literature. Therefore, we cre-
ated 50 pseudo-absences based on an environmental envelope
to allocate pseudo-absences only in places considered unsuitable
for the occurrence of H. velauts (Engler et al., 2004). In the case

of MXT, models are fitted by differentiating between occurrence

records and a 10,000 background points randomly sampled
throughout the study area.

We evaluated ENMs using a geographical partition (Muscarella
et al., 2014; Roberts et al., 2017). We divided the study area as a
checkerboard, which splits the occurrence data into two datasets,
and selected each dataset alternately to fit and evaluate. This step
allows to evaluate model predictive capacity, as the geographical
partition reduces the spatial correlation between datasets used to
fit and evaluate the models. Then, we measure model predictive ca-
pacity by its value for true skill statistics (TSS), true-positive rate,
and true-negative rate. This procedure is considered appropriate in
studies on geographic distributions of species (Allouche et al., 2006).

We converted the suitability models into presence and absence
maps using a threshold at which the sum of the sensitivity and spec-
ificity is highest (Allouche et al., 2006). Then, we produced assem-
bled maps using the sum of the binary maps derived from the three
algorithms. We used the ENMTML package (Andrade et al., 2020;
https://github.com/andrefaa/ENM_TheMetalLand) in R environment
(R Core Team, 2021) for all modeling procedures.

2.3 | Research center data

Brazil is the second country with the highest bat richness; however,
all of its biomes have a lack of information on the occurrence of
species distribution (Bernard et al., 2011). We selected the main re-
search centers that are developing or have developed surveys about
bats in Brazil. For this, we conducted a search by topic in the Lattes
platform (http://lattes.cnpg.br/) using the keyword “Quiroptera” (in
Portuguese). We chose only those researchers that fall in one of the
CNPq's Productivity Researchers categories: 1A, 1B, 1C, 1D, and 2.
Furthermore, we established as criteria: (1) research projects about
bats; (2) published articles about bats; and (3) academic guidance
in bats studies. Included researchers present at least two of these
three criteria. In situations in which researchers participated in more
than one research center during their career, we choose the location
where those professionals spent more time working with bats. We
used the Google Earth Pro software to consult the geographic coor-
dinates of the research centers.

2.4 | Statistical analyses

To test the decade effect hypothesis, we performed beta regres-
sion analysis (Ferrari & Cribari-Neto, 2004) between the number
of records over the decades and the proportion of predicted areas,
assuming conservatism and non-conservatism approaches. The con-
servatism approach considers only the areas predicted by all three
algorithms, whereas the non-conservatism approach considers all
the areas predicted by any algorithm. We chose the beta regression
analysis because our response variable is restricted to a range of O to
1. We performed this analysis in the betareg package in software R
(Cribari-Neto & Zeileis, 2010).


http://www.splink.org.br/index?lang=pt
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http://www.worldclim.org/
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For the Wallacean distance hypothesis, we calculated the
Euclidean distance between each occurrence record to the closest
research center using the raster package in the R software (Hijmans
et al, 2020). In addition, to reduce a possible forced relation-
ship caused by the excessive number of records, we performed a
weighted linear regression considering the total distances calculated
for each year as the weight. Then, we related the maximum distance
obtained per unit of time to its respective year. We used the highest
values observed per year to find out if further away areas from re-
search centers are sampled over time. We also performed the anal-
ysis in the R software, using the Im function of the stats package (R
Core Team, 2020).

3 | RESULTS

3.1 | New record of the species H. velatus

We collected the new record of H. velatus near a pond on the
Agronomy School at Federal University of Goids—Campus |l
in the municipality of Goiania, GO (Long -49.28155556 W; Lat
-16.62708333 S). This individual is an adult male with abdominal
testicles sampled in a mist net. We used the large ears of the spe-
cies to differentiate H. velatus from other species of the same genus.
The ear's tips of the H. velatus are beyond the snout, the width
of the median lobe of the ear being at least three times the total
length of the ear (Gardner, 2008). We collected the following ex-
ternal measurements of the specimen: forearm length = 46.6 mm;
body length = 115 mm; tail length = 54 mm; foot length = 6 mm;
length ear = 31 mm; tragus length = 14 mm; and weight = 10 g. We
deposited the specimen in the Zoological Collection of the Federal
University of Goias under the number ZUFG 110.

3.2 | Testing the decade effect hypothesis

We found 153 occurrence records after data cleaning, with the
highest number of new registers in the period 2000-2010 (Table 1).

The majority of the records used in the models are located in the

TABLE 1 Distribution of the 153
occurrence points of H. velatus in the
South America according to the timespan
among the decades

Period

1900-1950
1900-1960
1900-1970
1900-1980
1900-1990
1900-2000
1900-2010
1900-2020

Ecology and Evolution _ Jﬂ
9 e~ WILEY

Open Access,

southeastern region of Brazil. In addition, we observed that the pre-
dicted area has expanded and retracted over the decades (Figure 1).
Also, it is possible to observe an improvement in the accuracy of
the models with the addition of new data. Algorithms’ performances
over the decades varied considerably, evidencing reasonable (close
to 0.5) and good evaluations (close to 0.7). Furthermore, in the last
two decades, all evaluations were higher than 0.7. Overall, there is
a consensus among the predictions of the algorithms for the south-
eastern Brazil. In addition, these algorithms predicted suitable areas
in countries where there were no records of H. velatus, such as
French Guiana, Suriname, Guiana, Uruguay, Venezuela, Colombia,
and Ecuador.

The percentage variation of the proportion of predicted areas
highly suitable considering all the presented algorithms was low,
varying from 0.3 to 0.8, increasing on average. However, when we
perform the analysis for the predicted area by conservatism ap-
proach, we find a positive relation. Only the conservatism approach
had a positive relationship between the appropriate areas foreseen
and the increase in new records over the decades. The proportion
of the predict area by non-conservatism approach do not have re-
lation with the addition of new points over the decades (f = 0.002;
p =.31).

3.3 | Testing the Wallacean distance hypothesis

When we test the Wallacean distance hypothesis, we found that
the distance of the new added points to nearest research centers
does not increase over the years (R2 =-.022, F = 0.024, p = .877,
Figure 2). Thus, possibly the samplings remain spatially biased even
after a century of studies.

4 | DISCUSSION

The modeling showed that the potential distribution of H. velatus
(Figure 3) obtained from ENMs is highly variable over the decades
with the addition of new records, in relation to its area of occur-
rence. In the period between 2000 and 2014, there was the greatest

TSS
Added points Total points MXT RDF SVM
30 30 0.536 0.790 0.608
1 31 0.596 0.620 0.582
9 40 0.485 0.759 0.703
8 48 0.589 0.860 0.750
3 51 0.708 0.896 0.792
23 74 0.637 0.598 0.831
70 144 0.781 0.812 0.861
9 153 0.745 0.752 0.821

Note: Also, we present the values of TSS as a measure of performance evaluation of the models.
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FIGURE 1 Ecological Niche Models
to investigate the effect of the new
added points in the potential distribution
of H. velatus at different periods (what
we call a “decade effect”). The dataset
was subdivided into eight portions: (a)
1900-1950; (b) 1900-1960; (c) 1900-
1970; (d) 1900-1980; (e) 1900-1990;

(f) 1900-2000; (g) 1900-2010; and

(h) 1900-2020. The colors represent

the number of algorithms that agreed

to predict the potential areas for this
species occurrence. The potential
distribution in yellow means that only one
algorithm predict this areas, in orange
are two algorithms, and in red are three
algorithms. Areas predicted as unsuitable
have gray color. The points represent the
occurrence records used in each period,
being that the black points were obtained
from literature and the white pointis a
new record

Suitable area for

H. velatus

Predict by 1 model

Predict by 2 models

number of added points (Table 1), adding records of occurrence in
Peru, Bolivia, Paraguay, Argentina, and mainly in Brazil, where it
had about 91% of the total number of records. The increase in the
sampling effort, mainly in Brazil, contributed to a better predictive
adjustment of the distribution of occurrence of the species (Figures
1and 3).

Over the decades, with the addition of new points, the potential
geographical distribution of H. velatus reduced overprediction, the
points adjusted better, giving better quality in predictive power. The
results showed that the addition of the point recorded in 2015 in
Goiania caused an increase in the extension of the species potential
distribution (Figure 1), and this increase was not predicted by three
ENMs, predicted only in models 1 and 2, that is, areas of possible
occurrence and tolerance. Even so, countries where the species has
not yet been registered, such as Colombia, Ecuador, and Venezuela,

appear as potential areas of occurrence. The greater the number of

B Predict by 3 models

records (inventory execution), the accuracy of the distribution model
increases (Hernandez et al., 2006; Pearson et al., 2007; Stockwell &
Peterson, 2002). Accurate information on the distribution of species
in countries with high biological diversity is scarce, and therefore,
planning for conservation is done with low-quality data (Lemes et al.,
2011). Niche modeling is an important element in planning conser-
vation and identifying areas where conservation efforts are most
needed (Simido-Ferreira & DeMarco, 2007). However, the difficulty
of obtaining more restricted data, from environmental agencies, un-
published literature and without open access, is one of the problems
for better accuracy and adjustment of models, showing the reality of
studies on predictions.

Histiotus velatus is a species considered widely distributed,
adapted to natural and urban environments, registered in Argentina,
Bolivia, and Paraguay, while in Brazil it was registered in Mato

Grosso, Piaui, Ceard, Distrito Federal, and the entire south and
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southeast region (Bianconi et al., 2007; Eisenberg & Redford, 1999;
Emmons, 1997). Most of the studies that recorded the occurrence
of H. velatus were based mainly on hammocks, and other methods
were rarely used. This methodological bias raises doubts about the
real distribution of this species, as it may be poorly sampled and its
distribution may be even greater. Mist net is the main bat sampling
technique (Kalko et al., 2007; Moras et al., 2013; Oprea et al., 2009;
Stevens, 2013; Vieira et al., 2009) and is not efficient for species
flying above the canopy, like many aerial insectivorous bats (Estrada-
Villegas et al., 2010; Kalko et al., 2007). The inclusion of other sam-

pling methods (e.g., ultrasound detectors) may favor the increase

F =0.024 *

1500
p=0.877

1000 ¢

Maximum annual distance from the nearest
research center (Km)
(41
o
o
[ ]
e
L[]

1900 1925 1950

Years

1975 2000 2015

FIGURE 2 Hypothesis of the Wallacean distance, using
Euclidean distance between each occurrence record to the nearest
research center and relating the maximum distance obtained

per unit of time to its respective year to test the addition of new
research points over the years
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in species registration (MacSwiney et al., 2008; Meyer et al., 2011,
O'Farrell & Gannon, 1999).

The results showed that, in Brazil, the maps of potential distribu-
tion (Figure 1) show a trend of greater area of occurrence of the spe-
cies understudy for the Southeast and South regions of Brazil. These
regions are more anthropized, with few areas of native vegetation. In
general, the collection of information on biodiversity tends to favor
places with easy logistics, where there is already evidence of the oc-
currence of the species understudy (Hortal et al., 2008; Lobo, 2008).
Updating the data depends on the researchers’ initiative (Amano
et al.,, 2016; Girardello et al., 2018), and more populated places
tend to have a greater sampling of biodiversity (Luck, 2007). This
also makes research cheaper and more accessible to the researcher,
especially when sampling is close to research centers (Hortal et al.,
2007; Reddy & Davalos, 2003; Romo et al., 2006).

In the last 25 years, there has been a significant increase in re-
cords of occurrences of species (Bernard et al., 2011), and this in-
crease is probably due to new research centers located outside the
South and Southeast regions. New research centers are important to
reduce knowledge gaps and facilitate the understanding of the real
distribution of Brazilian biodiversity. Even so, the North, Northeast,
and Midwest regions were the areas with the smallest (Figure 1)
points of occurrence. The North region presents a greater extension
of forest areas, which aggregates Conservation Units and a greater
concentration of indigenous lands, and the difficulty of access and
the high logistical cost can be a limiting factor in data collection. The
Northeast and Midwest regions, on the other hand, can be justified
by the scarcity of sampling events, motivated by the lack of fund-
ing, time, and human resources (Beaman & Cellinese, 2012; Vollmar
et al., 2010).

The results showed that there was no distance from the points
of occurrence over the time of the research centers. The knowledge

of the size of the species distribution, in some cases, may represent
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FIGURE 3 Investigating the decade effect hypothesis from two perspectives: (a) geographical distribution estimated by any algorithm

(non-conservatism approach); and (b) geographical distribution estimated by all algorithms (conservatism approach). In both approaches, we
analyzed how newly added points over the decades alter the geographical distribution of H. velatus. Black spots represent the percentage
of the predicted area by Ecological Niche Modeling for entire South America. The dashed line is the adjusted model estimated by the Beta
regression of logit type
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a sample bias limited by the geographic reach of the research cen-
ters (Hortal et al., 2007). The distance from the research centers
may be the main factor that explains the sampling effort, which has
given greater importance to the South and Southeast regions. The
bias is a problem since priority areas for conservation are usually
decided based on species richness (the fastest and cheapest way) in
spite the are other methods (De Marco & Vianna, 2005). These vices
have been known since the beginning of inventories (Hortal & Lobo,
2005) and are usually caused by the location of taxonomists, prox-
imity to roads, proximity to cities (Beck & Kitching, 2007; Dennis &
Thomas, 2000; Hortal et al., 2004), or the search for species of dis-
tribution already known. One way to alleviate one of these problems
would be to support the establishment of researchers who work
with bats in the priority regions mentioned in this work. Increasing
the knowledge about the distribution of this (and other) species in
South America.

Thus, overcoming the Wallacean gaps depends on investments in
sampling efforts in places that are more distant from research centers
and less accessible. In situ protection is the most viable and econom-
ical strategy (Loucks et al., 2008). Thus, by identifying potential areas
of occurrence of species and, based on this, establishing priority areas
for collections that aim to find new points of occurrence narrows the
knowledge gap in the distribution of species. Still, the chances of suc-
cess when planning biodiversity conservation and management are
greater. Thus, based on the maps prepared, in the short term it will be
possible to prioritize collection areas and plan field research to find
new records more carefully. In the long run, the Wallacean deficit can
be reduced in order to contribute to the preservation of H. velatus and

the ecological processes in which it operates.

ACKNOWLEDGEMENTS
We thank Dornelles Assuncao for helping with field collections,
André Andrade and Santiago Velazco (provided the script) and

Morgana Oliveira for helping to run the first version of the models.

CONFLICT OF INTEREST
There are no conflicts of interest.

AUTHOR CONTRIBUTION

Liriann Chrisley Nascimento Da Silva: Writing-review & editing
(equal). Rafaela Goncalves Almeida: Writing-original draft (equal).
Pablo Henrique da Silva: Writing-review & editing (equal). Monik
Oprea: Writing-review & editing (equal). Poliana Mendes: Writing-
review & editing (equal). Daniel Candido de Brito: Writing-review
& editing (equal). Thiago Bernardi Bernardi Vieira: Formal analysis

(equal); Supervision (lead).

DATA AVAILABILITY STATEMENT

Data are available as supplementary material in Da Silva, Liriann
Chrisley et al. (2021), temporal changes in the potential geographic
distribution of Histiotus velatus (Chiroptera, Vespertilionidae), the
“decade effect,” Dryad, Dataset, https://doi.org/10.5061/dryad.
jsxksn097

ORCID

Liriann Chrisley Da Silva https://orcid.
org/0000-0002-6219-7801

Pablo Henrique da Silva https://orcid.
org/0000-0001-5800-9268

Thiago Bernardi Vieira https://orcid.org/0000-0003-1762-8294

REFERENCES

Allouche, O., Tsoar, A., & Kadmon, R. (2006). Assessing the accuracy of
species distribution models: Prevalence, kappa and the true skill
statistic (TSS). Journal of Applied Ecology, 43(6), 1223-1232. https://
doi.org/10.1111/j.1365-2664.2006.01214.x

Amano, T., Gonzélez-Varo, J. P., & Sutherland, W. J. (2016). Languages
are still a major barrier to global science. PLOS Biology, 14(12),
€2000933. https://doi.org/10.1371/journal.pbio.2000933

Andrade, A. F. A., Velazco, S. J. E.,, & De Marco Junior, P. (2020).
ENMTML: An R package for a straightforward construction
of complex ecological niche models. Environmental Modelling
& Software, 125, 104615. https://doi.org/10.1016/j.envso
ft.2019.104615

Arumoogum, N., Schoeman, M. C., & Ramdhani, S. (2019). The rela-
tive influence of abiotic and biotic factors on suitable habitat
of Old World fruit bats under current and future climate scenar-
ios. Mammalian Biology, 98, 188-200. https://doi.org/10.1016/j.
mambio.2019.09.006

Austin, M. P,, Nicholls, A. O., & Margules, C. R. (1990). Measurement of
the realized qualitative niche: Environmental niches of five euca-
lyptus species. Ecological Monographs, 60(2), 161-177. https://doi.
org/10.2307/1943043

Beaman, R., & Cellinese, N. (2012). Mass digitization of scientific collec-
tions: New opportunities to transform the use of biological spec-
imens and underwrite biodiversity science. ZooKeys, 209, 7-17.
https://doi.org/10.3897/zookeys.209.3313

Beck, J., & Kitching, I. J. (2007). Estimating regional species richness of
tropical insects from museum data: A comparison of a geography-
based and sample-based methods. Journal of Applied Ecology, 44(3),
672-681. https://doi.org/10.1111/j.1365-2664.2007.01291.x

Bernard, E., Aguiar, L. M. S., & Machado, R. B. (2011). Discovering the
Brazilian bat fauna: A task for two centuries? Mammal Review, 41(1),
23-39. https://doi.org/10.1111/j.1365-2907.2010.00164.x

Bernard, E., & Sampaio, E. M. (2008). Morcegos da Amazonia Brasileira.
InS. M. R. Pacheco, V. Marques, & C. E. L. Esbérard (Eds.), Morcegos
noBrasil: Biologia, sistemdtica, ecologia e conservacdo, Vol. 568 (pp.
243-252). Armazém Digital.

Bernardi, I. P.,, Miranda, J. M. D., Sponchiado, J., Grotto, E., Jacomassa,
F. F., Teixeira, E. M., Roani, S. H., & Passos, F. C. (2009). Morcegos
de Frederico Westphalen, Rio Grande do Sul, Brasil (Mammalia:
Chiroptera): Riqueza e utilizacdo de abrigos. Biota Neotropica,
9(3), 349-354. https://doi.org/10.1590/51676-0603200900
0300029

Berry, N., O'connor, W., Holderied, M. W., & Jones, G. (2004).
Detection and avoidance of harp traps by echolocat-
ing bats. Acta Chiropterologica, 6(2), 335-346. https://doi.
org/10.3161/001.006.0211

Bianconi, G. V., Mikich, S. B., Teixeira, S. D., & Maia, B. H. L. N. S. (2007).
Attraction of fruit-eating bats with essential oils of fruits: A poten-
tial tool for forest restoration. Biotropica, 39(1), 136-140. https://
doi.org/10.1111/j.1744-7429.2006.00236.x

Brito, D., Oliveira, L. C., Oprea, M., & Mello, M. A. R. (2009). An over-
view of Brazilian mammalogy: Trends, biases and future directions.
Revista Brasileira de Zoologia, 26, 67-73.

Collen, B., Ram, M., Zamin, T., & Mcrae, L. (2008). The tropical biodi-
versity data gap: Addressing disparity in global monitoring. Tropical


https://doi.org/10.5061/dryad.jsxksn097
https://doi.org/10.5061/dryad.jsxksn097
https://orcid.org/0000-0002-6219-7801
https://orcid.org/0000-0002-6219-7801
https://orcid.org/0000-0002-6219-7801
https://orcid.org/0000-0001-5800-9268
https://orcid.org/0000-0001-5800-9268
https://orcid.org/0000-0001-5800-9268
https://orcid.org/0000-0003-1762-8294
https://orcid.org/0000-0003-1762-8294
https://doi.org/10.1111/j.1365-2664.2006.01214.x
https://doi.org/10.1111/j.1365-2664.2006.01214.x
https://doi.org/10.1371/journal.pbio.2000933
https://doi.org/10.1016/j.envsoft.2019.104615
https://doi.org/10.1016/j.envsoft.2019.104615
https://doi.org/10.1016/j.mambio.2019.09.006
https://doi.org/10.1016/j.mambio.2019.09.006
https://doi.org/10.2307/1943043
https://doi.org/10.2307/1943043
https://doi.org/10.3897/zookeys.209.3313
https://doi.org/10.1111/j.1365-2664.2007.01291.x
https://doi.org/10.1111/j.1365-2907.2010.00164.x
https://doi.org/10.1590/S1676-06032009000300029
https://doi.org/10.1590/S1676-06032009000300029
https://doi.org/10.3161/001.006.0211
https://doi.org/10.3161/001.006.0211
https://doi.org/10.1111/j.1744-7429.2006.00236.x
https://doi.org/10.1111/j.1744-7429.2006.00236.x

DA SILVA ET AL.

Conservation Science, 1(2), 75-88. https://doi.org/10.1177/19400
8290800100202

Cribari-Neto, F., & Zeileis, A. (2010). Beta regression in R. Journal of
Statistical Software, 34(2), 1-24. https://doi.org/10.18637/]ss.
v034.i02

da Tavares, V. C., Aguiar, L. M. S., Perini, F. A, Falcao, F. C., & Gregorin,
R. (2010). Bats of the state of Minas Gerais, southeastern Brasil.
Chiroptera Neotropical, 16(1), 675-705.

De Marco, P.,, & Noébrega, C. C. (2018). Evaluating collinearity effects
on species distribution models: An approach based on virtual spe-
cies simulation. PLoS One, 13, e0202403-e0202425. https://doi.
org/10.1371/journal.pone.0202403

De Marco, P., & Vianna, D. M. (2005). Distribuigdo do esforgo de coleta
de Odonata no Brasil - Subsidios para escolha de areas prioritarias
para levantamentos faunisticos. Lundiana, 6(Suppl.), 13-26.

Dennis, R. L. H., & Thomas, C. D. (2000). Bias in butterfly distribution
maps: The influence of hot spots and recorder's home range.
Journal of Insect Conservation, 4, 73-77.

Eisenberg, J. F., & Redford, K. H. (1999). Mammals of the neotropics -
The central neotropics: Ecuador, Peru, Bolivia, Brazil. University of
Chicago Press.

Emmons, L. (1997). Neotropical rainforest mammals: A field guide, 2nd ed.
University Chicago Press.

Engler, R., Guisan, A., & Rechsteiner, L. (2004). An improved approach
for predicting the distribution of rare and endangered species from
occurrence and pseudo-absence data. Journal of Applied Ecology, 41,
263-274. https://doi.org/10.1111/j.0021-8901.2004.00881.x

Estrada-Villegas, S., Meyer, C. F. J., & Kalko, E. K. V. (2010). Effects of
tropical forest fragmentation on aerial insectivorous bats in a land-
bridge island system. Biological Conservation, 143(3), 597-608.
https://doi.org/10.1016/j.biocon.2009.11.009

Ferrari, S., & Cribari-Neto, F. (2004). Beta regression for modelling
rates and proportions. Journal of Applied Statistics, 31(7), 799-815.
https://doi.org/10.1080/0266476042000214501

Franklin, J. (2013). Species distribution models in conservation bioge-
ography: Developments and challenges. Diversity and Distributions,
19(10), 1217-1223. https://doi.org/10.1111/ddi.12125

Gardner, A. L. (2008). In A. L. Gardner (Ed.), Mammals of South America.
Volume 1: Marsupials, xenarthrans, shrews, and bats. doi:https://doi.
org/10.7208/chicago/9780226282428.001.0001

Girardello, M., Martellos, S., Pardo, A., & Bertolino, S. (2018). Gaps in
biodiversity occurrence information may hamper the achievement
of international biodiversity targets: Insights from a cross-taxon
analysis. Environmental Conservation, 45(4), 370-377. https://doi.
org/10.1017/50376892918000115

Gonzélez, E. M., & Barquez, R. (2016). Histiotus velatus. The IUCN Red
List of Threatened Species 2016, E-T10203A22098684, 8235.
doi: https://doi.org/10.2305/IUCN.UK.2016-2.RLTS.T10203A220
98684.en.

Grand, J., Cummings, M. P, Rebelo, T. G., Ricketts, T. H., & Neel, M. C.
(2007). Biased data reduce efficiency and effectiveness of conser-
vation reserve networks. Ecology Letters, 10(5), 364-374. https://
doi.org/10.1111/j.1461-0248.2007.01025.x

Guo, Q. Kelly, M., & Graham, C. H. (2005). Support vector machines
for predicting distribution of Sudden Oak Death in California.
Ecological Modelling, 182(1), 75-90. https://doi.org/10.1016/j.
ecolmodel.2004.07.012

Hernandez, P. A., Graham, C. H., Master, L. L., & Albert, D. L. (2006). The
effect of sample size and species characteristics on performance of
different species distribution modeling methods. Ecography, 29(5),
773-785. https://doi.org/10.1111/j.0906-7590.2006.04700.x

Hijmans, R. J., Etten, J. V., Sumner, M., Cheng, J., Baston, D., Bevan, A., &
Waueest, R. (2020). raster: Geographic Data Analysis and Modeling (p.
246). Retrieved from https://rspatial.org/raster

Ecology and Evolution _ Jﬂ
9 e~ WILEY

Open Access,

Hortal, J., de Bello, F., Diniz-Filho, J. A. F., Lewinsohn, T. M., Lobo, J.
M., & Ladle, R. J. (2015). Seven shortfalls that beset large-scale
knowledge of biodiversity. Annual Review of Ecology, Evolution, and
Systematics, 46(1), 523-549. https://doi.org/10.1146/annurev-
ecolsys-112414-054400

Hortal, J., Garcia-Pereira, P., & Garcia-Barros, E. (2004). Butterfly spe-
cies richness in mainland Portugal: Predictive models of geo-
graphic distribution patterns. Ecography, 27(1), 68-82. https://doi.
org/10.1111/j.0906-7590.2004.03635.x

Hortal, J., Jiménez-Valverde, A., Gémez, J. F, Lobo, J. M., & Baselga, A.
(2008). Historical bias in biodiversity inventories affects the ob-
served environmental niche of the species. Oikos, 117(6), 847-858.
https://doi.org/10.1111/j.0030-1299.2008.16434.x

Hortal, J., & Lobo, J. M. (2005). An ED-based protocol for optimal sam-
pling of biodiversity. Biodiversity and Conservation, 14(12), 2913-
2947. https://doi.org/10.1007/s10531-004-0224-z

Hortal, J., Lobo, J. M., & Jiménez-Valverde, A. (2007). Limitations of bio-
diversity databases: Case study on seed-plant diversity in Tenerife,
Canary lIslands. Canary Islands. Conservation Biology, 21(3), 853-
863. https://doi.org/10.1111/j.1523-1739.2007.00686.x

Kalko, E. K. V., Estrada Villegas, S., Schmidt, M., Wegmann, M., & Meyer,
C. F. J. (2007). Flying high assessing the use of the aerosphere by
bats. Integrative and Comparative Biology, 48(1), 60-73. https://doi.
org/10.1093/icb/icn030

Kier, G., Mutke, J., Dinerstein, E., Ricketts, T. H., Kiper, W., Kreft, H., &
Barthlott, W. (2005). Global patterns of plant diversity and floris-
tic knowledge. Journal of Biogeography, 32, 1107-1116. https://doi.
org/10.1111/j.1365-2699.2005.01272.x

Lee, D. N., Papes, M., & Van Den Bussche, R. A. (2012). Present and po-
tential future distribution of common vampire bats in the Americas
and the associated risk to cattle. PLoS One, 7(8), e42466. https://
doi.org/10.1371/journal.pone.0042466

Legendre, P., & Legendre, L. F. J. (2012). Numerical ecology. Elsevier
Science.

Leibold, M. A., Holyoak, M., Mouquet, N., Amarasekare, P., Chase, J. M.,
Hoopes, M. F., Holt, R. D., Shurin, J. B., Law, R., Tilman, D., Loreau,
M., & Gonzalez, A. (2004). The metacommunity concept: A frame-
work for multi-scale community ecology. Ecology Letters, 7(7), 601-
613. https://doi.org/10.1111/j.1461-0248.2004.00608.x

Lemes, P., Faleiro, F. A. M. V., Tessarolo, G., & Loyola, R. D. (2011).
Refining spatial data for biodiversity conservation. Brazilian Journal
of Nature Conservation, 9(2), 240-243. https://doi.org/10.4322/
natcon.2011.032

Lison, F.,&Calvo, J.F.(2013). Ecological niche modelling of three pipistrelle
bat species in semiarid Mediterranean landscapes. Acta Oecologica,
47, 68-73. https://doi.org/10.1016/j.actao.2013.01.002

Lobo, J. M. (2008). Database records as a surrogate for sampling ef-
fort provide higher species richness estimations. Biodiversity and
Conservation, 17(4), 873-881. https://doi.org/10.1007/s1053
1-008-9333-4

Lomolino, M. V. (2004). Conservation biogeography. In M. V. Lomolino &
L. R. Heaney (Eds.), Frontiers of biogeography: New directions in the
geography of nature (pp. 293-296). Sinauer Associates.

Loucks, C., Ricketts, T. H., Naidoo, R., Lamoreux, J., & Hoekstra, J. (2008).
Explaining the global pattern of protected area coverage: Relative
importance of vertebrate biodiversity, human activities and agricul-
tural suitability. Journal of Biogeography, 35(8), 1337-1348. https://
doi.org/10.1111/j.1365-2699.2008.01899.x

Luck, G. W. (2007). A review of the relationships between human pop-
ulation density and biodiversity. Biological Reviews, 82(4), 607-645.
https://doi.org/10.1111/j.1469-185X.2007.00028.x

MacSwiney, M. C. G., Clarke, F. M., & Racey, P. A. (2008). What you
see is not what you get: The role of ultrasonic detectors in in-
creasing inventory completeness in Neotropical bat assemblages.


https://doi.org/10.1177/194008290800100202
https://doi.org/10.1177/194008290800100202
https://doi.org/10.18637/jss.v034.i02
https://doi.org/10.18637/jss.v034.i02
https://doi.org/10.1371/journal.pone.0202403
https://doi.org/10.1371/journal.pone.0202403
http://doi.org/10.1111/j.0021-8901.2004.00881.x
https://doi.org/10.1016/j.biocon.2009.11.009
https://doi.org/10.1080/0266476042000214501
https://doi.org/10.1111/ddi.12125
https://doi.org/10.7208/chicago/9780226282428.001.0001
https://doi.org/10.7208/chicago/9780226282428.001.0001
https://doi.org/10.1017/S0376892918000115
https://doi.org/10.1017/S0376892918000115
https://doi.org/10.2305/IUCN.UK.2016-2.RLTS.T10203A22098684.en
https://doi.org/10.2305/IUCN.UK.2016-2.RLTS.T10203A22098684.en
https://doi.org/10.1111/j.1461-0248.2007.01025.x
https://doi.org/10.1111/j.1461-0248.2007.01025.x
https://doi.org/10.1016/j.ecolmodel.2004.07.012
https://doi.org/10.1016/j.ecolmodel.2004.07.012
https://doi.org/10.1111/j.0906-7590.2006.04700.x
https://rspatial.org/raster
https://doi.org/10.1146/annurev-ecolsys-112414-054400
https://doi.org/10.1146/annurev-ecolsys-112414-054400
https://doi.org/10.1111/j.0906-7590.2004.03635.x
https://doi.org/10.1111/j.0906-7590.2004.03635.x
https://doi.org/10.1111/j.0030-1299.2008.16434.x
https://doi.org/10.1007/s10531-004-0224-z
https://doi.org/10.1111/j.1523-1739.2007.00686.x
https://doi.org/10.1093/icb/icn030
https://doi.org/10.1093/icb/icn030
https://doi.org/10.1111/j.1365-2699.2005.01272.x
https://doi.org/10.1111/j.1365-2699.2005.01272.x
https://doi.org/10.1371/journal.pone.0042466
https://doi.org/10.1371/journal.pone.0042466
https://doi.org/10.1111/j.1461-0248.2004.00608.x
https://doi.org/10.4322/natcon.2011.032
https://doi.org/10.4322/natcon.2011.032
https://doi.org/10.1016/j.actao.2013.01.002
https://doi.org/10.1007/s10531-008-9333-4
https://doi.org/10.1007/s10531-008-9333-4
https://doi.org/10.1111/j.1365-2699.2008.01899.x
https://doi.org/10.1111/j.1365-2699.2008.01899.x
https://doi.org/10.1111/j.1469-185X.2007.00028.x

DA SILVA ET AL.

16980 WI LEY—ECOIOgy and Evolution

Open Access,

Journal of Applied Ecology, 45, 1364-1371. https://doi.org/10.1111/
j.1365-2664.2008.01531.x

Meyer, C. F. J., Aguiar, L. M. S, Aguirre, L. F., Baumgarten, J., Clarke, F.
M., Cosson, J.-F., Villegas, S. E., Fahr, J., Faria, D., Furey, N., Henry,
M., Hodgkison, R., Jenkins, R. K. B., Jung, K. G., Kingston, T., Kunz,
T. H., Cristina MacSwiney Gonzalez, M., Moya, |., Patterson, B.
D., ... Kalko, E. K. V. (2011). Accounting for detectability improves
estimates of species richness in tropical bat surveys. Journal
of Applied Ecology, 48(3), 777-787. https://doi.org/10.1111/
j.1365-2664.2011.01976.x

Moras, L. M., Bernard, E., & Gregorin, R. (2013). Bat assemblages at a
high-altitude area in the Atlantic forest of southeastern Brazil.
Mastozoologia Neotropical, 20(2), 269-278.

Muscarella, R., Galante, P. J., Soley-Guardia, M., Boria, R. A., Kass, J.
M., Uriarte, M., & Anderson, A. P. (2014). ENMeval: An R package
for conducting spatially independent evaluations and estimating
optimal model complexity for Maxent ecological niche models.
Methods in Ecology and Evolution, 5(11), 1198-1205. https://doi.org/
10.1111/2041-210X.12261

O'Farrell, M. J., & Gannon, W. L. (1999). A comparison of acoustic versus
capture techniques for the inventory of bats. Journal of Mammalogy,
80(1), 24-30. https://doi.org/10.2307/1383204

Oprea, M., Esbérard, C. E. L., Vieira, T. B., Mendes, P., Pimenta, V. T.,
Brito, D., & Ditchfield, A. D. (2009). Estrutura de comunidade de
morcegos numa area protegida de restinga no Sudeste do Brasil.
Brazilian Journal of Biology, 69(4), 1073-1079.

Pearson, R. G., Raxworthy, C. J., Nakamura, M., & Peterson, A. T. (2007).
Predicting species distributions from small numbers of occur-
rence records: A test case using cryptic geckos in Madagascar.
Journal of Biogeography, 34, 102-117. https://doi.org/10.1111/
j.1365-2699.2006.015%94.x

Peterson, A. T., & Soberdn, J. (2012). Species distribution modeling and ecolog-
ical niche modeling: Getting the concepts right. Natureza & Conservagdo,
10(2), 102-107. https:/doi.org/10.4322/natcon.2012.019

Phillips, S. J., Anderson, R. P., Dudik, M., Schapire, R. E., & Blair, M.
E. (2017). Opening the black box: An open-source release of
Maxent. Ecography, 40(7), 887-893. https://doi.org/10.1111/
ecog.03049

Phillips, S. J., Dudik, M., & Schapire, R. E. (2004). A maximum entropy ap-
proach to species distribution modeling. Twenty-First International
Conference on Machine Learning - ICML '04, 83. doi:https://doi.
org/10.1145/1015330.1015412

Prasad, A. M., Iverson, L. R., & Liaw, A. (2006). Newer classification and
regression tree techniques: Bagging and random forests for ecolog-
ical prediction. Ecosystems, 9(2), 181-199. https://doi.org/10.1007/
s10021-005-0054-1

R Core Team. (2020). R: A language and environment for statistical computing.
R Foundation for Statistical Computing. https:/www.R-project.org/

R Core Team. (2021). R: A language and environment for statistical com-
puting. Vienna, Austria: R Foundation for Statistical Computing.
https://www.R-project.org/

Reddy, S., & Davalos, L. M. (2003). Geographical sampling bias and
its implications for conservation priorities in Africa. Journal
of Biogeography, 30(11), 1719-1727. https://doi.org/10.1046/
j.1365-2699.2003.00946.x

Roberts, D. R., Bahn, V., Ciuti, S., Boyce, M. S., Elith, J., Guillera-Arroita,
G., Hauenstein, S., LahozMonfort, J. J., Schroéder, B., Thuiller, W.,
Warton, D. I., Wintle, B. A., Hartig, F., & Dormann, C. F. (2017).
Cross-validation strategies for data with temporal, spatial, hier-
archical, or phylogenetic structure. Ecography, 40(8), 913-929.
https://doi.org/10.1111/ecog.02881

Romo, H., Garcia-Barros, E., & Lobo, J. M. (2006). Identifying recorder-
induced geographic bias in an Iberian butterfly database. Ecography,
29(6), 873-885. https://doi.org/10.1111/j.2006.0906-7590.04680.x

Santos, J. C., Leal, I. R., Almeida-Cortez, J. S., Fernandes, G. W., &
Tabarelli, M. (2011). Caatinga: The scientific negligence experi-
enced by a dry tropical forest. Tropical Conservation Science, 4(3),
276-286. https://doi.org/10.1177/194008291100400306

Sattler, T., Bontadina, F., Hirzel, A. H., & Arlettaz, R. (2007). Ecological
niche modelling of two cryptic bat species calls. Journal of
Applied Ecology, 44, 1188-1199. https://doi.org/10.1111/
j.1365-2664.2007.01328.x

Scherrer, D., Christe, P., & Guisan, A. (2019). Modelling bat distributions
and diversity in a mountain landscape using focal predictors in en-
semble of small models. Diversity and Distributions, 25(5), 770-782.
https://doi.org/10.1111/ddi.12893

Schoeman, M. C., Goodman, S. M., Ramasindrazana, B., & Koubinova, D.
(2015). Species interactions during diversification and community
assembly in Malagasy Miniopterus bats. Evolutionary Ecology, 29(1),
17-47. https://doi.org/10.1007/s10682-014-9745-4

Simido-Ferreira, J., & DeMarco, P. Jr (2007). Modelagem da Distribuicido
Potencial das Espécies Tupiperla Gracilis (Burmeister 1839) e
Gripopteryx Garbei (Navas 1936) (Gripopterygidae: Plecoptera)
Para a América Do Sul. Revista Brasileira De Zoologia, 66(2B),
611-622.

Stevens, R. D. (2013). Gradients of bat diversity in Atlantic forest of
South America: Environmental seasonality, sampling effort and
spatial autocorrelation. Biotropica, 45(6), 764-770. https://doi.org/
10.1111/btp.12056

Stockwell, D. R. B., & Peterson, A. T. (2002). Effects of sample size on ac-
curacy of species distribution models. Ecological Modelling, 148(1),
1-13. https://doi.org/10.1016/50304-3800(01)00388-X

Talamoni, S., Amaro, B., Cordeiro-Junior, D., & Maciel, C. (2014). Mammals
of Reserva Particular do Patriménio Natural Santuério do Caraga,
state of Minas Gerais, Brazil. Check List, 10(5), 1005-1013. https://
doi.org/10.15560/10.5.1005

Vieira, T. B., Mendes, P., Oprea, M., & Ditchfield, A. D. (2009). New re-
cord of Lasiurus blossevillii (Chiroptera : Vespertilionidae) for the
restinga ecosystem, and second occurrence for the state of Espirito
Santo, southeastern Brazil. Mammalia, 73, 155-157. https://doi.
org/10.1515/MAMM.2009.025

Vollmar, A., Macklin, J. A., & Ford, L. (2010). Natural history specimen
digitization: Challenges and concerns. Biodiversity Informatics, 7(2),
93-112. https://doi.org/10.17161/bi.v7i2.3992

Voss, R. S., & Emmons, L. (1996). Mammalian diversity in Neotropical
lowland rainforests: A preliminary assessment. Bulletin of the
AMNH, 230, 1-115.

Yang, W., Ma, K., & Kreft, H. (2013). Geographical sampling bias in a
large distributional database and its effects on species richness-
environment models. Journal of Biogeography, 40(8), 1415-1426.
https://doi.org/10.1111/jbi.12

How to cite this article: Da Silva, L. C., Almeida, R. G, Silva, P.
H. D., Oprea, M., Mendes, P., Brito, D., & Bernardi Vieira, T.
(2021). Temporal changes in the potential geographic
distribution of Histiotus velatus (Chiroptera, Vespertilionidae),
the “decade effect”. Ecology and Evolution, 11, 16972-16980.
https://doi.org/10.1002/ece3.8333



https://doi.org/10.1111/j.1365-2664.2008.01531.x
https://doi.org/10.1111/j.1365-2664.2008.01531.x
https://doi.org/10.1111/j.1365-2664.2011.01976.x
https://doi.org/10.1111/j.1365-2664.2011.01976.x
https://doi.org/10.1111/2041-210X.12261
https://doi.org/10.1111/2041-210X.12261
https://doi.org/10.2307/1383204
https://doi.org/10.1111/j.1365-2699.2006.01594.x
https://doi.org/10.1111/j.1365-2699.2006.01594.x
https://doi.org/10.4322/natcon.2012.019
https://doi.org/10.1111/ecog.03049
https://doi.org/10.1111/ecog.03049
https://doi.org/10.1145/1015330.1015412
https://doi.org/10.1145/1015330.1015412
https://doi.org/10.1007/s10021-005-0054-1
https://doi.org/10.1007/s10021-005-0054-1
https://www.R-project.org/
https://www.R-project.org/
https://doi.org/10.1046/j.1365-2699.2003.00946.x
https://doi.org/10.1046/j.1365-2699.2003.00946.x
https://doi.org/10.1111/ecog.02881
https://doi.org/10.1111/j.2006.0906-7590.04680.x
https://doi.org/10.1177/194008291100400306
https://doi.org/10.1111/j.1365-2664.2007.01328.x
https://doi.org/10.1111/j.1365-2664.2007.01328.x
https://doi.org/10.1111/ddi.12893
https://doi.org/10.1007/s10682-014-9745-4
https://doi.org/10.1111/btp.12056
https://doi.org/10.1111/btp.12056
https://doi.org/10.1016/S0304-3800(01)00388-X
https://doi.org/10.15560/10.5.1005
https://doi.org/10.15560/10.5.1005
https://doi.org/10.1515/MAMM.2009.025
https://doi.org/10.1515/MAMM.2009.025
https://doi.org/10.17161/bi.v7i2.3992
https://doi.org/10.1111/jbi.12
https://doi.org/10.1002/ece3.8333

